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The problem

The traditional way to infer cosmological parameters
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The problem

The traditional way to infer cosmological parameters
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The brand new way to infer cosmological parameters

Galoxy field-level likelihood-free inference
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Robustness
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Takeaway messages

e (Galaxy field-level likelihood-free inference > a hrand new way to do Cosmology;
e The model is fast, accurate and robust = good predictions in different hydrodynamical simulations;
e Information is coming from:

o  galaxy positions and velocities;

o small scales;

e Possibility to apply this kind of model in real observations.
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